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Normal approximations for the number of successes in success
runs

Jyh-Cherng Su
Department of Management Science, R.O.C. Military Academy

Abstract

In this paper, considering a sequence of independent and identically distributed Bernoulli
random variables with the probability of success tending to 0, we study the asymptotic
distributions for the four well-known statistics of counting the number of successes in success
runs. First, the statistics of counting the number of success runs will be expressed as sums of
strictly stationary m-dependent random variables. Then, using the central limit theorem for
strictly stationary m-dependent random variables, we will obtain some normal approximations
for the number of successes in success runs.

Key words : Bernoulli random variable, central limit theorem, m-dependent random variable,
success run
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