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Abstract 

Although the storage device of the monitor can record historical images, but it is a very 
time-consuming task for retrieving specific facial image from historical image database. This 
study will thus be design to set up a system for "An Intelligent Facial Image Tracking System 
Based on Convolutional Neural Network ", which includes: (1) detect of facial image, using 
Grayscale and Gaussian Blur model to filter noise, Gaussian Mixture model to detect 
foreground, Erosion and Dilation algorithms to detect dynamic object contours, and deep 
learning techniques to detect facial image; (2) recognition of facial image, using RGB and 
HSV color models to recognize face position, and record the time of appearance; (3) track of 
facial image, using Convolutional Neural Network to learn and track specific facial image. The 
experiment results show that the proposed system can detect and track facial image with high 
accuracy.  
 
Key words: Image recognition, Pedestrian recognition , Deep learning , Pedestrian tracking 

 

  


