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2.4.2 B E R

B ARAP G B4R BT — AR L 43 %
BT AEEE AL E > B8R B (filter)
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11. AlexNet 22 # B [25]

243 REZERA

Girshick et al.[27]4 4 T Uijlings et
al.[22]wy M & k8 Krizhevsky et
al.[25]%9 AlexNet R E 4B ER > R E T

2. Extract region
proposals (~2k)

1. Input
image

re o, > 1
warped region

3. Compute
CNN features

R-CNN(Regions with CNN features) Fi 74
AR 0 3R ok tb AR 1B AR 4 89 F IR ALAE

%0 EF T 53.3% mAP > HiAARE kB
12 Ao o
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| :

y p
A 7% 1 B e .
A i . , ;
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& CNNN

....................

4. Classify
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12. R-CNN A #2 B [27]
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B FIART BN -
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Bk o B AR AP G2 4R B8 04 A SR AR B ABEST B0
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Abstract

Although the storage device of the monitor can record historical images, but it is a very
time-consuming task for retrieving specific facial image from historical image database. This
study will thus be design to set up a system for "An Intelligent Facial Image Tracking System
Based on Convolutional Neural Network ", which includes: (1) detect of facial image, using
Grayscale and Gaussian Blur model to filter noise, Gaussian Mixture model to detect
foreground, Erosion and Dilation algorithms to detect dynamic object contours, and deep
learning techniques to detect facial image; (2) recognition of facial image, using RGB and
HSV color models to recognize face position, and record the time of appearance; (3) track of
facial image, using Convolutional Neural Network to learn and track specific facial image. The
experiment results show that the proposed system can detect and track facial image with high
accuracy.

Key words: Image recognition, Pedestrian recognition , Deep learning , Pedestrian tracking



