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Fault Diagnosis Based on Back-Propagation Neural
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ABSTRACT

We use the Back-Propagation Neural Network (BPN) algorithm to deal with the fault diagnosis
problem, and present a case study of anti-air gun in this research. The Neural Network technique can
be used to solve complex and nonlinear problems, and can be apply to establish the fault diagnosis
models for different equipments rapidly. We construct two different structures of networks (single
output and multiple outputs) to perform the BPN fault diagnosis systems, and discuss the efficiency of
faults detection about these two models. The result shows that the performance of anti-air fault
diagnosis system based on BPN is good, and the structure of network with multiple outputs is more
suitable for fault diagnosis problems.
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