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Abstract

In this paper, a new voice activity detection (VAD) algorithm using wavelets 
and support vector machines (SVMs) is developed for improving the performance of 
speech coding systems working in noisy environment. The first step of the proposed 
algorithm is to apply wavelet-based de-noising method to reduce the background 
noise in the input speech. Then one can make use of SVM to train an adaptive 
multi-rate (AMR) involving the sub-band decomposition of various sub-band 
feature of level.  
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Various experimental results carried out from the Aurora speech database show 
that the proposed VAD algorithm could achieve 94  VAD accuracy under noisy 
environment. The proposed VAD algorithm can be applied to improve the 
performance of speech coding systems.
Keywords SVM, VAD, Wavelets De-noising, AMR, RBF 
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